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EVT are generally not fulfilled, and a classical The fi can be decomposed in the form of basic spline
It can be seen that, generally, the SOI has a
functions.
frequency analysis of independent, homogeneous and
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represents the best results. It is interesting to
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i.e. T = 2, T = 5, T = 10 year, the maximum
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The proposed GEV-B-Spline model is considered to
estimate the return period of the maximum annual
precipitation (MAR) at Randsburg station, California,
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maximum is one of the distributions: Gumbel, Frechet or
Weibull. These three distributions can be grouped in a
single Generalized Extreme Value (GEV) distribution:

F ( y, , , ) exp

1

quantile estimation according to BIAS and
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